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« vllm/model_executor/layers/attention/mm_encoder_attention.py ({3t R EFTEA;
25 source; A core-logic; &5 _load_fp8_scales_file, _maybe_save_fp8_scales,
_init_fp8_state, process_weights_after_loading) : ZOWERXAE, AT FP8 4EikinEk.
A/ BAGEKR., EaRiEfn FP8 ST E AR MERZR,

« vlim/kernels/triton/gkv_padded_fp8_quant.py (#3k FP8 E1t; 23| source; L&
core-logic; 5 _quantize_pad_fp8_kernel, _get fp8_pad_quant_config,
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Triton kernel X, 523, stride-aware By FP8 E4LF3E R head_dim %] cuDNN EE#H
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« vlim/utils/flashinfer.py (#3& Flashinfer TH; 25| source; A dependency-wiring;
5 is_flashinfer_cudnn_fp8_prefill_attn_supported) : 7T FP8 JF &N 1%
¥, #ZE cuDNN BRAFE GPU BEA,

« vlim/config/multimodal.py (#3k ZRESEE; 25| source; EA configuration) : EX
T A E FE mm_encoder_attn_dtype. mm_encoder_fp8_scale_path &, EIfREA
HEE,

. tests/kernels/core/test_vit_fp8_attn.py (#ik FP8 JEEAMIR; K5 test; HER
test-coverage; 5 _has_flashinfer_cudnn, _fp8 attention,
_build_cu_seglens_and_meta, test_fp8_attn_output_shape) : 3:E|3% FP8 & /MR,
IEEM +cuDNN+ RIEZ SRR ERME,

« benchmarks/kernels/benchmark_vit_fp8_attn.py (#E3k MEEMR; B source; HEA
benchmark; &5 _setup_fp8_attention, _build_meta, run_benchmark, bf16_fn) :
FP8 5 BF16 )T EAMMAEXILEAE, ®B& CUDA Graph fu Profiler 3,

KBS _load_fp8_scales_file, _maybe_save_fp8_scales, _init_fp8_state,
process_weights_after_loading, record_amax_and_update_scales,
quantize_fp8_maybe_pad_head_dim, quantize_fp8_pad_head_dim_triton,
is_flashinfer_cudnn_fp8&8_prefill_attn_supported

KR BR

vlim/model_executor/layers/attention/mm_encoder_attention.py
BB RR XM, BT FP8 ik, shA / BA%EKR. BaifREAi FP8 ZE A RIM R,

#EBREE: amax AEEPRKE
_FP8_AMAX_HISTORY_LEN = 16

# EBRERS: BMREBAFMRESI A%RE
_fp8_scale_save_path: str | None = None
_fp8_saved_scale_refs: dict[str, tuple[torch.Tensor, ...]] = {}



@functools.cache
def load_fp8_scales_file(path: str | None) -> dict[str, dict[str, float]]:
""n# per-layer FP8 Q/K/V %EH A%k (JSON #R) , ERIWER,
FEEEAR {"ayer: {"g": ..., "k": ..., "V L)) feamERR {"layers": .} o
if path is None:
return {}
with open(path) as f:
data = json.load(f)
# FREHEMN "layers" #
if "layers" in data and isinstance(data["layers"], dict):
data = data["layers"]
scales = {}
for layer_name, layer_scales in data.items():
g = layer_scales.get("q", layer_scales.get("q_scale"))
k = layer_scales.get("k", layer_scales.get("k_scale"))
v = layer_scales.get("v", layer_scales.get("v_scale"))
if all(s is not None for s in (g, k, v)):
a_f, k_f, v_f = float(q), float(k), float(v)
if g f<=0ork f<=0orv_f<=0:
raise ValueError(
f'"FP8 scales must be positive, got g={q_f}, "
f'k={k_f}, v={v_f} for layer '{layer_name}'")
scales[layer_name] = {"g": gq_f, "k": k_f, "v": v_f}
logger.info_once("Loaded FP8 scales from %s (%d layers)", path, len(scales))
return scales

def _maybe_save_fp8_scales(layer_name, g_scale, k_scale, v_scale, buffer_wrapped):

"EEA amax ZFRERE, FRITHEKRAKE AN JSON X4,
BHEE/ step HM GPU—CPU R, REEBZN—XM .item(),
global _fp8_scale_save_path
if _fp8_scale_save_path is None:

return
# RAEKESIA, RxBIRD
_fp8_saved_scale_refs[layer_name] = (q_scale, k_scale, v_scale)
if not buffer_wrapped:

return
# ZHPRELS: BRETERZE SAXMF

path, margin = _fp8_scale_save_path, _fp&8_ scale_save_margin

scales = {
name: {
"g": g.item() * margin,
"k": k.item() * margin,
"v': v.item() * margin
}

for name, (g, k, v) in _fp8_saved_scale_refs.items()



_fp8_scale_save_path = None # —&FBF1E
with open(path, "w") as f:
json.dump(scales, f, indent=2)
logger.info("Saved FP8 scales to %s (margin=%.3f)", path, margin)

vlim/kernels/triton/gkv_padded_fp8_quant.py

FrIEHY Triton kernel X, 23 stride-aware B9 FP8 EfLIH3E R head_dim | cuDNN &
Z R

def quantize_fp& maybe_pad_head_dim(
tensor: torch.Tensor,
scale: torch.Tensor,
fp8_quant: QuantFP8,
skip_scale: bool = False,
) -> torch.Tensor:

"MK EEMNE| FPS, WA LENR head_dim HAA 16 BEH

561 QuantFP8 CustomOp (¥ head_dim BX5FE) , FNEIRE| Triton kernel,
*# 3D (S, H, D) A2 4D (B, S, H, D) @A,
if tensor.dim() ==

B, S, H, D = tensor.shape

flat = tensor.reshape(B * S, H, D)
else:

flat = tensor
padded = round_up(D, 16)
if not skip_scale and D % 16 == 0:

# head_dim X5%: #EAKRE QuantFP8 (E® E1R)

return fp8_qguant.quantize(flat, scale=scale, dtype=current_platform.fp8_dtype())
else:

# RIF: EA Triton kernel R R ENLFBER

result = quantize_fp8_pad_head_dim_triton(

flat, scale, skip_scale=skip_scale

)
if tensor.dim() == 4:

return result.view(B, S, H, -1)
return result
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