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[BREAKING] [trainer] fix: separate_async should use the same step granularity with other
trainers
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verl/trainer/ppo/v1/utils.py
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class MetricsAggregator:

R4 parameter_sync_step E#ARBEFNERINETE T,
FIFMRFEH., KA, ZKE. ®/AME. REME. HERoERE,
def __init_ (self):
self.metric_values: dict[str, list[float]] = defaultdict(list)
self.metric_weights: dict[str, list[int]] = defaultdict(list)
self.step_count = 0
self.aggregation_rules = self._init_aggregation_rules()

def _init_aggregation_rules(self) -> dict[str, list[str]]:
return {



"sum": ["training/off_policy/dropped_samples", "validation/off_policy/dropped_samples"],
"last": ["training/global_step", "training/rollout_probs_diff_valid"],

def add_step_metrics(self, metrics: dict[str, Any], sample_count: int = 0):
self.step_count += 1
for key, value in metrics.items():
if isinstance(value, bool):
continue
if isinstance(value, int | float | np.number):
self.metric_values|key].append(float(value))
self.metric_weights[key].append(self._get _metric_weight(key, metrics, sample_count))
elif isinstance(value, torch.Tensor) and value.numel() ==
self.metric_values[key].append(float(value.item()))
self.metric_weights[key].append(self._get_metric_weight(key, metrics, sample_count))

def _get_metric_weight(self, metric_name: str, metrics: dict[str, Any], sample_count: int) ->
int:
# XTF dropped_samples_staleness, 1#HZFrEFERIMEARE
if metric_name.endswith("/off_policy/dropped_samples_staleness/mean"):
prefix = metric_name.rsplit("_staleness/mean", 1)[0]
dropped_samples = metrics.get(prefix, sample_count)
if isinstance(dropped_samples, torch.Tensor):
return int(dropped_samples.item()) if dropped_samples.numel() == 1 else sample_
count
if isinstance(dropped_samples, int | float | np.number):
return int(dropped_samples)
return sample_count

def get_aggregation_type(self, metric_name: str) -> str:

for agg_type, metric_list in self.aggregation_rules.items():

if metric_name in metric_list:
return agg_type

metric_lower = metric_name.lower()

# P RIGEBRE G — ME

if metric_lower.endswith("/Ir") or metric_lower.endswith("_Ir") or metric_lower == "Ir":
return "last"

# BiEFE AR B A0

if "timing_s/" in metric_lower or "timing_per_token_ms/" in metric_lower:
return "time_sum"

# B2 max 3 maximum B\ KA

if any(keyword in metric_lower for keyword in ["max", "maximum"]):
return "max"

# B2 min 2 minimum BR&/IMA

if any(keyword in metric_lower for keyword in ["'min", "minimum"]):
return "min"

# B8 sum = total BXfm

if any(keyword in metric_lower for keyword in ["sum", "total"]):
return "sum"



# BOAE RANAR-F 4

return "weighted_avg"

verl/trainer/ppo/v1/trainer_base.py
BEX step A%, 1EF MetricsAggregator fE3FA _step_once H B E IR

def step(self, metrics: dict, timing_raw: dict) -> KVBatchMeta:

train_batch_size = self.config.data.train_batch_size

assert train_batch_size % self.parameter_sync_step == 0, (
f"train_batch_size ({train_batch_size}) must be divisible by "
f'parameter_sync_step ({self.parameter_sync_step})"

)

sample_batch_size = train_batch_size // self.parameter_sync_step

# B HRESE

metrics_aggregator = MetricsAggregator()

combined_keys: list = []

combined_tags: list = ]

combined_partition_id = "train"

# fEIRBAT parameter_sync_step JRAM E #7

for _ in range(self.parameter_sync_step):
iter_metrics: dict = {}
batch = self._step_once(iter_metrics, timing_raw, sample_batch_size)
# 1T E3E padding HABIEARERE
sample_count = sum(not tag.get("is_padding", False) for tag in batch.tags)
metrics_aggregator.add_step_metrics(iter_metrics, sample_count=sample_count)
combined_keys.extend(batch.keys)
combined_tags.extend(batch.tags)
combined_partition_id = batch.partition_id

# ARG ENTEIR metrics

metrics.update(metrics_aggregator.get_aggregated_metrics())

return KVBatchMeta(partition_id=combined_partition_id, keys=combined_keys, tags=

combined_tags)
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